INTRODUCTION

UVOD
The origin of the analysis of job satisfaction as an important variable in the study of human resources and organizational behavior arose from Hoppock, who wrote the book Job Satisfaction in 1935. This contribution attempted to demonstrate the relevance of job satisfaction and its positive effect on labor productivity. Job satisfaction can be studied from many different approaches and empirical models, and involves focusing on worker features, job circumstances or a combination of both. Job satisfaction is infl uenced by multiple variables, which all have different relevance.
The Van Der Meer and Wielers (2013) model studied job characteristics, motivation, and their effects on job satisfaction. Similarly, this study included, as independent variables, job-related features, because it was assumed that job-related features were the best for predicting job satisfaction (Sánchez-Sellero et al., 2014) . Other studies that support this theory are: Dueñas et al. (2010) , who proposed the low explanatory power of personal variables on job satisfaction, and Robles-García et al. (2005) , who showed that satisfaction was strongly associated with a positive valuation of job-related features. Guest and Conway (2002) found a positive relationship between the organizational communication and concepts such as job satisfaction, organizational commitment, motivation, and the positive evaluation of employment relationships. Cequea and Núñez Bottini (2011) showed that productivity was affected by motivation, job satisfaction, participation, and labor climate, among others. Different studies proposed a complex relationship of psychosocial factors and motivation, not only with positive business outcomes through a better performance of workers (Grant and Sumanth, 2009 ), but also with workers' well-being (Rego et al., 2009 ).
Some models developed by Cuadra-Peralta and Veloso-Besio (2010) and Bòria-Reverter et al. (2012) studied the relationship between the job environment and job satisfaction, including variables, such as job features, organizational climate, and social information, as the basic motivators of job satisfaction. Cuadra-Peralta and Veloso-Besio (2010) showed that a good working atmosphere was related to appropriate organizational functioning. Bòria-Reverter et al. (2012) analyzed the possible relations between salary, different intangible assets, and job satisfaction in organizations. Chiang Vega et al. (2010) reported that job satisfaction was important to organizational behavior. Job satisfaction and dissatisfaction were associated with organizational indicators, such as performance quality, etc. Judge et al. (2001) made a qualitative and quantitative review of the relationship between job satisfaction and job performance.
voljstva poslom u obje skupine podataka omogućuje usporedbu kako bi se vidjelo jesu li zaključci prema aktivnostima bili jednaki ili različiti. Analizom obiju skupina podataka dobiven je rezultat da je plaća jedan od posljednjih čimbenika koji utječu na zadovoljstvo poslom, a motivacija i osobni razvoj bili su na prvome mjestu.
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Job motivation is a personal stimulus that directs behavior, for better or for worse, in the workplace. Pé-rez (1997) studied different approaches around motivation and job satisfaction based on orientations, aspirations, and expectations of workers, from a historical-sociological perspective. Kanfer (1995) pointed out that motivation and performance had a reciprocal infl uence, because motivation can affect performance, and performance can affect motivation. Research results of Alnıaçık et al. (2012) showed that motivation had a positive correlation with organizational commitment and job satisfaction. A recent study by Shah et al. (2016) identifi ed some of the factors that affected job motivation (adequate remuneration, good job environment, etc.).
"The model of job satisfaction determinants", proposed by Lawler (1973) , focused on the relationship of "expectations-rewards" from different aspects of a job. The relationship between expectation and reward can lead to job satisfaction or dissatisfaction. This theory considered reward not only as an economic remuneration, but also as a wide range of results (recognition, promotion, valuation of superiors, etc.).
Petrescu and Simmons (2008) studied the relationship between human resources management and workers' satisfaction with remuneration. They focused on the impact of overall job satisfaction and satisfaction associated with pay. Singh and Loncar (2010) examined the relationship between satisfaction with wages, satisfaction with employment, and change of employment. The study results by Tremblay et al. (2012) demonstrated that family motivations and those related to professional development had a positive effect on satisfaction, and that the motivation to work towards good economic conditions was not enough. Casas et al. (2002) established that the salary was one of the most valued aspects of a job, and for these authors, stability in the workplace implied a positive relationship with job satisfaction as well as an organization commitment.
Organizations may be less motivated to provide good working conditions for temporary workers because they are not the organizational core. This understanding implies that their job satisfaction may be lower than that of permanent workers (Wagenaar et al. 2012 ). Sánchez-Sellero et al. (2017) studied the lack of job stability in the Spanish economic crisis that began in 2008, as well as the degree of job satisfaction of salaried workers. They found that temporary workers had lower levels of satisfaction than those with permanent contracts, although, from 2008, the satisfaction average increased slightly for both kinds of workers. This result was explained by the high unemployment rate. Thus, any employed worker was considered lucky to be employed and their level of demand for having a job decreased even if employed as a temporary employee.
According to Westover (2012) , job satisfaction was a dynamic concept. In this sense, time and context were useful for a better examination and understanding of the main factors that affected job satisfaction. For this reason, this study proposed the analysis of job satisfaction in the forestry, wood, and paper industries, and compared the results with the Spanish national data.
In a study of job satisfaction, Erol (2016) stated that forestry workers had responsibilities, such as ecological management, sustainability, balance, and social responsibilities that demanded satisfaction, in addition to income generation. Moreover, the lack of motivation of young people to start a professional career in this sector was a threat to the future of the forestry sector. An additional paper about job satisfaction in furniture One of the objectives of this paper is to analyze the current Spanish labor market, affected by a longterm economic crisis with high job destruction. It compared the data of the logging, wood, and paper industries with the Spanish national set to fi nd the determinants that most notably infl uenced job satisfaction. This study considered DScurrentjob as the dependent variable, and a set of variables that measured the degree of subjective satisfaction with labor issues (motivation, activity, salary, etc.) as independent variables. Thus, this paper answered the following questions: What variables affected the degree of satisfaction with one's current job more than others? What was considered to be more important: degree of satisfaction with one's salary, degree of satisfaction with one's activity, or degree of satisfaction with the valuation by one's superiors?
MATERIALS AND METHODS
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Materials
Materijali
This study used data from the 2010 Quality of Labor Life Survey (Encuesta de calidad de vida en el trabajo -ECVT), administered by the Spanish Ministry of Employment and Social Security (2010 is the last available data in 2017) (Spain). Our idea was to explain the degree of satisfaction with current work based on several independent variables.
The geographical scope of this survey was Spain as a whole country, except for the cities of Ceuta and Melilla. The population consisted of workers aged 16 years and over residing in family dwellings.
The ECVT sample was designed using stratifi ed three-stage sampling. First, the data was collected only from workers employed in activities that corresponded to sections 02, 16, and 17 of the Clasifi cación Nacional de Actividades Económicas (National Classifi cation of Economic Activities in 2009) (CNAE 2009); in other words, forestry and logging, wood and cork industry, (except furniture), straw, and plating and paper industry. The results were compared with the Spanish national set.
The ECVT sample included 8,061 people, out of 18,409,625 people of the whole Spanish population, but by eliminating the lack of response to some questions, it was narrowed down to 5,841 people. Once the cases were fi ltered and weighted corresponding to the logging, wood, and paper industries, they represented 136,153 workers. Figure 1 describes the variables used. All of these variables have values from 0 to 10, where 0 presents a very low level of satisfaction, while 10 presents a high level of satisfaction (see Figure 1) .
Methods
Metode
Job-related features were considered based on the type of contract, working day, hours worked, etc. Thus, the degree of satisfaction with salary could be considered a personal-related feature, because it depended on each person. For instance, two people could have different levels of satisfaction with salary even though they received the same salary. Age and gender were also usually considered personal-related features. They could be considered job-related features because they referred to a personal perception of job-related features such as salary, organization, activity, etc.
Principal component analysis and cluster analysis are methods of grouping variables. Principal component analysis (PCA) allows grouping of 14 independent variables into homogeneous groups, thus constructing new variables, with mean 0 and variance 1, as a result of previous groups. This method is used to transform a set of variables (interrelated original variables), in a set of variables, linear combination of the original, called principal components (or factors). So, principal component variables are typically uncorrelated with each other, and they can also be organized according to their own information. Dunteman (1989) proposes variance as a measure of the incorporated information in a component. This process can continue until there are as many components as variables. The fi rst few principal components usually represent the biggest variation in variables.
A cluster analysis is a statistical method for dividing variables into groups based on their similarity (Bryant, 2000) . This study attempted to fi nd the greatest homogeneity in each group and the greatest heterogeneity between groups. Previously, the variables were typifi ed to compare them, as suggested by previous literature. It was advised to perform a model with standardized variables (De la Fuente, 2011).
In order to obtain clusters in a hierarchical classifi cation, groups are merged according to a priority or hierarchy and are based on distances between elements or variables. Hierarchical methods are agglomerative (ascending) if they successively merge larger groups in each step. As groups form, they are less homogeneous (the distances between initial groups are smaller than between fi nal groups). The Ward method minimizes intra-group variation. This is one of the most used grouping methods. The representation of the hierarchy of groups is usually done through a diagram called "dendrogram". It reports successive mergers of groups into groups of higher level with higher and lower homogeneity. Variables are represented on vertical axis and distances on horizontal axis.
This study used the stepwise multiple linear regression method, a method also studied by Derksen and Keselman (1992) and Thompson (2001) , among others. The method organized variables in a hierarchy, trying to know the relevant variables in a lot of possible independent variables. The stepwise regression with the extracted factors (new variables) of the principal component analysis (PCA) was performed. The models were improved by incorporating factors, as the sum of squares of the regression increases in different steps, while the sum of squared residuals decreases.
RESULTS AND DISCUSSION
3. REZULTATI I RASPRAVA Table 1 shows the means of 15 variables mentioned (a dependent variable and 14 independent variables). The degree of satisfaction with salary, DSwage, was the second variable with the lowest mean, because of the effect of the Spanish economic crisis. DSpromotionpossibilities was the variable that produced less satisfaction in the logging, wood and paper industries as a national set. To test Hypothesis 1, this study included only job-related variables because they better explained job satisfaction. First, groupings were made between related variables. A principal component analysis (PCA) was used to group independent variables in homogeneous groups, and new variables from the previous groupings were constructed, with a mean of 0 and a variance of 1. The determinant of the correlation matrix of variables was almost zero and the Kaiser-Meyer-Olkin (KMO) measure was higher than 0.500 (this was good). The Bartlett test had a p-value equal to zero and lower than 0.05, which allowed the rejection of the hypothesis of the identity matrix. A previous PCA study of job satisfaction was conducted by Platis et al. (2015) and Leung et al. (2015) .
Six factors (new variables) were extracted through the Quartimax rotation system. This is an orthogonal alternative, which minimizes the number of factors needed to explain each variable. In addition, the coeffi cients were ordered by size. Thus, the percentage of explained variability by the extracted factors was 81 %. The matrix of rotated components is shown in Table  2 . These factors had a mean of zero and a standard deviation of one, and they were uncorrelated with one another. DSwage was not grouped with any other variable. A high association was found between the initial variables, because the saturations were higher than 0.500. These 14 variables were summarized into six new factors. Factor 1 was the degree of satisfaction with motivation, job organization, personal development, and superiors' valuation. Factor 2 included autonomy, participation in decisions, possibility of promotion, and activity. Factor 3 considered the working day and schedule fl exibility. Factor 4 contained stability, holidays, and leaves; factor 5 considered rest time; and factor 6 considered salary. Sánchez-Sellero and Sánchez-Sellero (2016) performed the same study with the Spanish set. Some factors were the same, such as the factor for salary, another for holidays, leaves, and stability, and another for schedule fl exibility, working day, and rest time. These variables were logically associated. The variable of holidays and leaves was grouped with stability because some unstable and short-term jobs did not generate vacation entitlement. However, the minimum number of items in each factor was to be three, which according to Costello and Osborne (2005), presents one of the requirements for "clean" factor structure (see both groups in Table 3 ). Figure 2 shows a cluster analysis through a hierarchical cluster analysis and Ward's method applied to the data of the logging, wood, and paper industries. This study applied the same methodology with the data of the Spanish set in Fig. 2 . Both fi gures (A and B) have more similarities than differences. Activity and personal development form one of the groups, and autonomy and participation in decisions form another. These two groups were the most homogeneous because the variables were the closest, i.e., the distances were the smallest in the upper axis. The number of clusters can be counted with much subjectivity. In this case, 5 clusters (indicated on the left of the graph) were considered for the group of wood and paper industry, because the distances on the right of a hypothetical vertical line marked in Figure 2 .A are much larger. It is diffi cult to name the clusters because in this case all variables are job-related features. In addition, a stepwise regression with factors extracted from the principal component analysis (PCA) was applied to verify Hypothesis 2. Sánchez-Sellero and Sánchez-Sellero (2016) performed the same study with data from the Spanish set over a period of three years. A regression analysis performed through the factors extracted from a PCA can also be seen in Aizawa et al. (2015) . This regression method was useful to explain a dependent variable (in this case DScurrentjob) from several potential independent variables (predictors) in the case that there was no theory that allowed the advance selection of a subset of predictors to evaluate the model. Thus, this study attempted to select a set of variables that contributed signifi cantly (p-value < 0.01) to the model. Only variables that were signifi cant predictors of job satisfaction were included. The same methodology was applied to the job fi eld by Senise Barrio and Lloréns Montes (1996), and García Sedeño et al. This study included a variable into the model if the critical level associated with its partial correlation coeffi cient was less than 0.05 in an independent hypothesis (probability of entry), according to the stepwise method. The variable stayed out of the model if that critical level was greater than 0.10 (probability of exit). Table 4 shows a summary of the stepwise regression models derived from the PCA factors. It collected the R and R 2 in each step. The standard deviation decreased (1.16288 to 0.96698 with data from the logging, wood, and paper industries). One way to estimate the effect of applying these selection criteria was to observe the change in R 2 as variables were added to the model. A big change in R 2 indicated that this variable (in this case factor 1) contributed noticeably to explain the dependent variables. The F-statistic and its critical level contrasted the hypothesis that the change in R 2 was zero in the population. The six independent variables (the PCA factors) explained 50.8 % of the variable variance DScurrentjob. A model with all factors or only with factors formed by 3 or more variables can be proposed. It has been verifi ed that the factors that contribute the highest percentage of explanation to DScurrentjob variable correspond to these fi rst factors obtained from PCA analysis (see Table 4 ).
The model improved when the factors were introduced because the sum of squares of the regression increased, whereas the residual sum of squares decreased. Factor 1 had the greatest infl uence on job satisfaction in both data sets in the stepwise regression made with the above factors (Table 4 ). In terms of explanation degree, the wage factor (factor 6) was the last, or penultimate, in both models. Factor 1 was motivation, personal development, job organization, and superiors' valuation in the logging, wood, and paper industries, and it included motivation, personal development, and activity in the Spanish set.
These signifi cant contributions to the literature were based on a cross-sectional study. Longitudinal studies can be carried out to more accurately describe the subject.
CONCLUSION 4. ZAKLJUČAK
This study contributed to the understanding of job satisfaction through a combination of different statistical methodologies and a comparative analysis of the results in the logging, wood, and paper industries and those in the national Spanish set, and explained the differences and similarities between them.
All in all, the degrees of satisfaction were high because all of them were in the range of six to seven points on a scale from zero to ten. The degree of satisfaction with salary was one of the variables valued low. The reason may be in the reduction of workers' salary during the Spanish economic crisis.
Workers in the logging, wood, and paper industries evaluated the lowest their satisfaction with the possibility of promotions, which was also a possible consequence of the Spanish economic crisis. Although recently there has been no survey, it is believed that satisfaction with wages and the possibility of promotions will recover as a result of the current economic recovery.
Many coincidences were found in the homogeneous groups of variables that affected the job satisfaction between the logging, wood, and paper industries and the Spanish set. These appeared in the following groups: motivation and personal development; stability, holidays, and autonomy; and participation in decisions. These groups were coherent in their explanation. Salary was included in a separate group.
A principal component analysis showed in both groups (the logging, wood, and paper industries and the Spanish set) that the group with the greatest infl uence on job satisfaction was motivation and personal development, whereas salary was the one with the lowest infl uence (explanation percent).
The stepwise regression shows the fi rst factors obtained in PCA analysis, which explain better satisfaction with current work and contribute to the goodness of the model (the greater R-squared). The said fi rst factors are formed by three or more variables. The other factors also explain this variable but in a smaller percentage. It should be noted that the hierarchy established in the PCA analysis is basically maintained in the stepwise regression, so that factor 1 (motivationpersonal development) is consolidated as the fi rst group of variables of greater relevance in the explanation of job satisfaction.
Based on this study, it can be concluded that behavioral patterns about job satisfaction in logging, wood, and paper industries, are very similar to the Spanish set and that job satisfaction is extremely important.
Previous literature considered that job satisfaction had a positive correlation with job performance. As a consequence, fi rms and institutions should try to improve the satisfaction of their workforce. Thus, workers need to be motivated to improve their satisfaction.
